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Artificial Intelligence (AI) is not a buzzword. It is actively shaping the future of how we live, 

work, and interact. However, as AI engineers hustle to keep pace with rapid 

advancements, a proliferation of new terms has emerged to describe this field. In many 

cases, this emerging terminology has been frustratingly fluid, with different practitioners 

using the same terms to mean entirely different things. This inconsistency creates a 

challenge for anyone trying to navigate AI conversations, whether you're a developer, 

business leader, or simply trying to understand what's happening in this space. 

That’s why we’ve created this guide: to break down some of the trending vocabulary in AI and 

to outline which terms have been precisely defined, and which ones are still subject to debate. 

Here are the Top 10 AI Words to Watch, in order of definitional maturity. 

WELL-DEFINED TERMS 

These have achieved something close to consensus in the AI community. 
1. Data Contamination occurs when training datasets inadvertently include 

unwanted data—most commonly when test or evaluation data leaks into training 
sets. This leads to inflated scores on performance benchmarks because the AI 
has essentially ‘seen the answers’ to the test beforehand, creating misleading 
results and reducing reliability. 
 
It’s important to note that data contamination differs from data poisoning, which 
is a type of cyberattack in which an adversary intentionally compromises a 
training dataset used by an AI or Machine Learning (ML) model to influence or 
manipulate the operation of that model. Data contamination is typically 
unintentional, while data poisoning is malicious and deliberate. 

2. Foundation Models are large-scale AI models trained on broad, diverse datasets 
that can be applied across a wide range of use cases. Think of them as the Swiss 
Army knives of AI—versatile tools that provide a strong starting point for 
specialized applications. The GPT, Claude, and Llama series models are all 
foundation models that began with general language training and can then be 
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fine-tuned for specific uses like customer service, content creation, or code 
generation. This term is widely accepted because these models serve as the 
“foundation” upon which more specialized AI applications are built, rather than 
being designed for single, narrow purposes from the start. 

3. Retrieval-Augmented Generation (RAG) is a set of techniques that expands the 
knowledge base of AI models beyond their training data. These techniques can 
retrieve relevant information from external sources, then use that information to 
ground model responses in that data. This is in contrast to models that rely 
solely on their training knowledge. As an example, when you ask Grok on X to 
explain a Tweet—requiring Grok to reference real-time data from the web and 
from X itself — that’s RAG in action. 

4. Model Hallucination happens when AI systems generate plausible but false or 
misleading information, like a chatbot confidently citing a Supreme Court case 
that doesn’t exist. Hallucinations are an unavoidable side effect of probabilistic 
language models, which are designed to generate coherent text, not necessarily 
truthful text. While hallucinations cannot be completely eliminated, a 
combination of better training data, grounding techniques such as RAG, 
improved prompting, and human oversight can significantly reduce their 
frequency and impact. 

EVOLVING DEFINITIONS 

While the previous terms have achieved relative consensus, each of the following terms carry 
different definitions depending on who is using them and in what context. 

5. AI Agent might be the most overused and under-defined term in the current AI 
discourse. Ask five AI practitioners what makes something an “agent” and you’ll 
get five different answers. Some use a broad definition, considering any AI 
system acting autonomously—such as even simple chatbots—to be an agent. 
Others require goal-setting capabilities, environmental interaction, or the ability to 
use tools. A Roomba might qualify as an AI Agent under most definitions, but 
what about a customer service chatbot that can access your account 
information? The lack of consensus reflects deeper questions about autonomy, 
agency, and what it means for software to ‘act’ rather than just ‘respond.’ 

6. AI Alignment ensures that AI systems behave according to human values and 
intended constraints rather than pursuing goals in unexpected or harmful ways. 
The classic thought experiment involves instrumental convergence—the theory 
that AI programs designed to solve one problem might exhaust or destroy 
available resources in pursuit of their goal. 
The definitional challenge lies in what constitutes proper alignment in practice. 
Whose values should AI systems reflect? How do we translate complex, often 
contradictory human preferences into specifications machines can follow? When 
an AI system exhibits bias, causes unintended harm, or optimizes for metrics in 
ways that defeat the original purpose, practitioners may disagree on whether 

https://aws.amazon.com/what-is/retrieval-augmented-generation/
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these represent alignment failures, implementation problems, or acceptable 
trade-offs. 

The term’s contested nature reflects deeper questions about human values, 
machine interpretation, and the practical challenges of building AI systems that 
do what we mean, not just what we say. 

7. Emergent Behavior carries similar definitional challenges. It refers to capabilities 
that appear in AI systems without being explicitly programmed—like when a 
language model trained on text suddenly demonstrates coding abilities. But 
disagreement surfaces around what counts as truly emergent, as opposed to 
complex pattern matching. Emergent Behavior matters because it touches on 
fundamental questions about AI capability and intelligence, but the boundaries 
remain contested among researchers. 

8. Digital Twin predates the current AI boom but has evolved as AI capabilities have 
expanded. Originally referring to virtual representation of physical systems—like 
a software model of a jet engine—the term now encompasses everything from 
simple dashboards to complex AI-powered simulations. A factory monitoring 
system that predicts equipment failure might be called a digital twin, but so 
might a virtual representation of an entire city. Other use cases of fully 
interactive, AI-enabled simulation environments include: historic data and trend 
analysis, predictive models, prescriptive insights, and interactive 3D models. The 
market will likely see a significant rise in digital twin integrations across the next 
12 months, due to a variety of applications, needs, budgets, and flexible uses. 

EMERGING AND CONTESTED TERMS 

The final category represents the frontier of AI terminology—concepts that are so new that 
practitioners are still negotiating their basic definitions. 

9. Blended Identity describes scenarios where human and AI contributions become 
so intertwined that distinguishing between them becomes difficult or impossible. 
Some practitioners use it to describe content creation where human and AI 
contributions become indistinguishable—like a news article drafted by AI, fact-
checked by a journalist, and finalized by AI. In these cases, who is the author? 
 
Others apply the term more broadly to AI systems that operate with dual 
authority, including an agent that acts on behalf of a user while also making 
autonomous system-level decisions. An AI customer service agent might help 
you reschedule a flight using your personal preferences while simultaneously 
making autonomous decisions to rebook other passengers due to weather 
delays, operating under both your authority and the airline’s system permissions 
within a single interaction. Both definitions address real challenges in human-AI 
collaboration, but the lack of consensus makes practical applications—like 
attribution and liability—increasingly complex. 

https://webinars.sw.siemens.com/en-US/jet-engine-design/
https://www.linkedin.com/pulse/digital-twins-encapsulating-data-analytics-christopher-bridge-n5xze/?trackingId=pLDuxPZJSOCiy6Zmkqn2Gg%3D%3D
https://arxiv.org/abs/2403.07924
https://aembit.io/blog/self-assembling-ai-and-the-security-gaps-it-leaves-behind/?utm_source=cybersec&utm_medium=newsfeed
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10. Non-Human Identity also faces definitional struggles because it 
encompasses two distinct concepts that practitioners often conflate. The 
narrower, technical definition focuses on authentication systems for machine-to-
machine communication—like how your smart car securely communicates with 
your garage door. According to industry reports, “many companies now juggle at 
least 45 machine identities for every human user,” which includes service 
accounts, continuous integration and continuous deployment (CI/CD) bots, 
containers, and AI agents. 
 
Beyond technical authentication, non-human identity also 
addresses representation and agency: how AI systems identify themselves in 
interactions with humans, and what rights or responsibilities come with that 
identity. Several states now legally require consumer-facing bots to provide clear 
disclosures so consumers are unambiguously aware that they are, in fact, 
interacting with a bot. As AI systems become more autonomous and human-like 
in their interactions, questions about disclosure, accountability, and the legal 
status of AI agents will become increasingly pressing. 

WHY THIS MATTERS 

Understanding where AI terminology stands on the spectrum from settled to contested isn’t 
just academic—it directly impacts how we communicate about capabilities, set expectations, 
and make decisions. When evaluating AI solutions or participating in strategy discussions, 
knowing which terms have clear definitions and which ones require clarification can prevent 
costly misunderstandings and help you ask the right questions. 

As AI continues to evolve, so will its vocabulary. The terms that seem settled today might 
splinter tomorrow as new research reveals unanticipated complexities. The key is staying 
curious about definitions and comfortable with the ambiguity that comes with working at the 
frontier of technological change. 

If you found this list useful and would like us to dive deeper into more technical, legal, or 
policy-related terms in the world of AI, we’d love to hear from you! Share your thoughts or 
suggestions by getting in touch: (Email daria@dreadnode.io and visit Dr. Janosek’s contact 
form).  

Daria Bahrami  Diane M Janosek, P 

 

 

 

h.D., Esq., CISSP 

https://www.oasis.security/blog/ai-agents-human-or-non-human
https://thehackernews.com/2025/05/ai-agents-and-nonhuman-identity-crisis.html
https://aembit.io/blog/what-makes-you-you-a-philosophical-take-on-non-human-identity/?utm_source=cybersec&utm_medium=newsfeed
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